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A Data Processing and Visualization Platform for Large-Scale Spatio-Temporal
Data

Du Yi, Guo Danhuai, Zhou Yuanchun, and Li Jianhui

(Scientific Data Center, Computer Network Information Center, Chinese Academy of Sciences, Beijing 100190)

Abstract Most of the existing spatio-temporal information visualization toolkits cannot process and
visualize data efficiently when the size of the data is too large. In this paper, we present a visual
analytics platform that supports large-scale spatio-temporal data. By redefining task model, data
model, and visual mapping strategies, this platform supports processing and visualizing many kinds of
big data with spatio-temporal attributes. The processing and visualizing can be done in seconds by
distributed storage, data reorganization, distributed query, spatial indices and segmented fetch, even

though it has a terabyte of data.
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